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Introduction

When Robert De Niro appeared in the 2019 movie The 
Irishman, he looked much younger than his actual age of 76. 
Many social media users were also surprised when they saw 
Yilong Ma, an Elon Musk lookalike from China, in short vid-
eos circulating on their favorite platforms. Both examples 
rely on the same AI technology to create audiovisual content 
in which the face or other identifying attributes of a person 
are replaced with someone else’s. However, the terms used to 
describe this technology vary. In news coverage, Yilong Ma 
is typically associated with the term deepfake (Florian, 
2023), whereas applications in the creative industry, such as 
those in The Irishman, are often called synthetic media or 
AI-enabled media (Glick, 2023). This highlights a broader 
competition over how the technology is labeled in public 
debates or in the news.

Today, such AI technology for creating and modifying 
audiovisual content is not only used by industries and spe-
cialists but is also available to everyday internet users. 
However, its origins and early uses are more controversial. 
The term deepfake was first coined on Reddit, where users 

applied the technology to swap faces in pornographic videos 
with those of celebrities (de Ruiter, 2021). Eventually, news 
stories began linking the technology to disinformation, such 
as the case of a deepfake of Ukrainian President Zelenskyy 
in 2022 (Allyn, 2022). These portrayals in the news influ-
ence how people perceive the technology, as they often 
emphasize its risks while overlooking potential benefits. A 
focus on risks has also been observed in the academic litera-
ture (Godulla et al., 2021) as studies on the benefits of deep-
fake technology remain scarce (cf. Bendahan Bitton et al., 
2024; Neyazi et al., 2024). The tech industry also laments 
the predominantly negative connotation of the term deep-
fake and instead prefers the more neutral and general term 
synthetic media (Altuncu et  al., 2022). Building on the 
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assumption that the terminology influences public percep-
tion of technology, our study investigates whether the use of 
the terms deepfake and synthetic media affects the percep-
tion of the technology’s risks and benefits. More specifi-
cally, we investigate if the term synthetic media functions as 
a euphemism, potentially overshadowing the negative per-
ceptions associated with the term deepfake.

We further argue that the field of application plays a cen-
tral role in perceptions of deepfake technology. Its use for 
entertainment through tools like Midjourney or FaceSwap is 
presumably perceived as offering more benefits and personal 
gratification than risks. By contrast, in politics, the percep-
tion of risk is likely more prevalent as the potential for disin-
formation through deepfakes is particularly emphasized in 
political communication during elections or votes (Hameleers 
et  al., 2022; Vaccari & Chadwick, 2020). Therefore, we 
assume that individual perceptions of the risks and benefits 
of deepfake technology depend on the specific application 
field being addressed. Thus, we examine the perception of 
risks and benefits of the technology separately in the con-
texts of politics, news media, the economy, science, and indi-
vidual contexts, and then test whether the use of the labels 
“deepfake” or “synthetic media” affects these perceptions.

The empirical approach for our study is twofold. We first 
conduct a manual quantitative content analysis to examine 
how deepfake technology is depicted in Swiss news media. 
By investigating the salience of the terms deepfake and syn-
thetic media, their fields of application, and the tone of news 
coverage, the content analysis provides valuable context for 
the subsequent preregistered survey experiment. In this 
experiment, we investigate how the term deepfake and its 
euphemism synthetic media influence the Swiss public’s per-
ception of risks and benefits of deepfake technology across 
different fields of application. Finally, we discuss the con-
ceptual and practical implications of our findings, highlight-
ing that while the term synthetic media increases perceived 
benefits, it does not alter risk perceptions.

Theory and literature review

The integration of new technologies into a society largely 
depends on the level of acceptance among its members. Thus, 
how people perceive the risks and benefits of technology has 
been the topic of numerous studies (Bao et al., 2022; Binder 
et al., 2012; Covello, 1983; de Groot et al., 2013; Frewer et al., 
1999; Siegrist & Visschers, 2013). These studies, for instance, 
show that advances in the fields of genetic engineering (Frewer 
et al., 1999), nuclear energy (Siegrist & Visschers, 2013), and 
vaccinations (Wilson et al., 2015) were initially met with skep-
ticism by parts of the population. This strand of research also 
includes studies on the perception of new media and commu-
nication technologies such as deepfakes (Cochran & Napshin, 
2021; Kleine, 2022). Studies on deepfakes so far have primar-
ily focused on the risks (Godulla et al., 2021), with only a few 
exceptions explicitly considering the potential benefits of the 

technology (Bendahan Bitton et al., 2024; Neyazi et al., 2024). 
Our study examines both aspects and explores how synthetic 
media can serve as a potential euphemism for deepfake tech-
nology. Before discussing the literature on euphemism and 
why this concept matters for our study, we present the defini-
tions of synthetic media and deepfakes.

Deepfakes and synthetic media: same 
technology, different definitions

While this study does not aim to provide definitive definitions 
for these two concepts, we begin with the assumption that both 
terms have a well-documented history and an established 
meaning that may evolve in the future. The term deepfake, a 
portmanteau word of “deep learning” and “fake,” was estab-
lished in 2017 by amateur users sharing their (largely porno-
graphic) face-swap creations on a Reddit discussion board (de 
Ruiter, 2021). Synthetic media, on the other hand, emerged in 
the late 2010s as a catch-all term for a variety of AI-generated 
content, including deepfakes, virtual humans, and augmented 
reality (Kalpokas, 2021). While the two terms are often used 
interchangeably (Westerlund, 2019), it is important to note 
that deepfakes are only one specific kind of synthetic media. 
Synthetic media is a broader concept and also includes text, 
images, video, and audio content generated by a variety of 
machine learning models (de Seta, 2024).

Different definitions of deepfakes and synthetic media 
indicate how terminology frames understanding: Definitions 
in the domain of politics often emphasize deception, while 
others take a broader view, highlighting the technology’s 
ambiguity. Thus, several definitions are proposed depending 
on the context (Altuncu et al., 2022) or the degree of techni-
cal sophistication (Paris & Donovan, 2019). In studies focus-
ing on political deepfakes, scholars often highlight the 
deceptive nature of the technology, defining deepfakes as 
“intentionally deceptive synthetic videos created with the 
use of Artificial Intelligence” (Hameleers et al., 2022, p. 1) 
or as “synthetic videos created with deep learning techniques 
to make authentic persons say or do inauthentic things” 
(Hameleers et  al., 2024, p. 56). These definitions may be 
suitable within the context of political disinformation but are 
less applicable to broader uses. Deepfakes do not necessarily 
depict real people or always involve deception, although 
they possess “a high potential to deceive” (Kietzmann et al., 
2020, p. 136), particularly when used in political contexts 
(Vaccari & Chadwick, 2020).

While much of the academic discourse surrounding 
deepfakes emphasizes potential risks (Godulla et al., 2021), 
some definitions adopt a more neutral or even positive per-
spective. De Ruiter (2021) highlights that deepfakes are 
“not intrinsically morally wrong” (p. 1313) as they can be 
used for morally neutral or even beneficial purposes. Some 
scholars, such as Jacobsen and Simpson (2024), offer a 
more neutral definition, describing deepfakes as “photoreal-
istic images, videos, or voice recordings that have been 
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algorithmically generated or manipulated” (p. 1095). They 
argue that the public discourse about deepfakes is domi-
nated by anxiety and potentially harmful applications of the 
technology, such as misinformation or pornographic videos 
(de Ruiter, 2021; Wang & Kim, 2022). While these worries 
are legitimate, some scholars argue that the assumed nega-
tive impact of deepfakes, for instance, on elections, might 
be overblown (Łabuz & Nehring, 2024; Nadal & Jančárik, 
2024; Simon et al., 2024). These concerns also overshadow 
the benefits of the technology for industries such as film, 
gaming, and customer relations in general (Altuncu et al., 
2022; Godulla et  al., 2021; Westerlund, 2019). However, 
based on their mixed-methods study, which includes expert 
interviews, Lundberg and Mozelius (2024) conclude that, 
although deepfakes offer both, the risks slightly outweigh 
the benefits. Due to this ambiguity, discussing the potential 
of deepfakes requires a balanced view that acknowledges 
both benefits and risks under consideration of specific appli-
cation fields.

Euphemisms

In this article, we employ the concept of euphemism to 
examine how labeling technology as either “deepfake” or 
“synthetic media” influences perceptions of risks and bene-
fits. With deepfakes being a more specific emergent term and 
synthetic media encompassing a broader technical category, 
the two terms may evoke more negative or more positive 
interpretations of the same technology. Thus, the concept of 
euphemism—the use of a more agreeable or neutral term as 
a substitute for a more loaded or unpleasant one—and its 
potential effects are discussed in the following section.

Studies in different disciplines, including business research, 
journalism research, health care and medicine, and communi-
cation science (for an overview, see Farrow et al., 2021), have 
already investigated the perception and effects of euphemisms. 
While definitions vary in the literature, they share a common 
focus on using language to express something negative in a 
more positive or softened way. Lutz (1987) defines euphe-
mism as “a word or phrase that is designed to avoid a harsh or 
distasteful reality” (p. 382). He further argues that if euphe-
misms are intentionally used to deceive or mislead, they can 
be termed doublespeak. Other definitions highlight that euphe-
misms help to talk about taboos (Casas Gómez, 2009) but are 
also used to “representationally displace an unpleasant topic 
by avoiding direct reference to it” (McGlone et al., 2006, p. 
261) or as a replacement for swear words (Bowers & Pleydell-
Pearce, 2011). Finally, euphemisms (e.g., “enhanced interro-
gation” instead of “torture”) can be contrasted with 
dysphemisms (e.g., “extremist” instead of “activist”) (Walker 
et al., 2021), which describe terms intended to evoke a more 
negative interpretation (Casas Gómez, 2009; Walker et  al., 
2021). The two concepts are open to interpretation. For 
instance, it remains unclear whether deepfake now functions 
as a dysphemism for synthetic media, or, conversely, whether 

synthetic media is being adopted as a euphemism for 
deepfake.

Prior research indicates that the use of euphemisms can 
influence people’s evaluations of situations and the actions 
they would take (Gladney & Rittenburg, 2005). Walker et al. 
(2021) highlight that euphemistic language can significantly 
affect evaluations of actions by replacing disagreeable terms 
with more agreeable ones, thereby making the actions seem-
ingly more acceptable without triggering perceptions of dis-
honesty. However, there are only a few studies that focus on 
euphemisms in the context of technology-related terminol-
ogy. The study most relevant to our discussion of euphe-
misms is an analysis of public perceptions of drones in the 
U.S. context, which briefly references the literature on 
euphemisms. PytlikZillig et al. (2018) investigated whether 
the specific use of terminology affects the public perception 
of unmanned aerial vehicles (UAVs), commonly referred to 
as drones in public debate. The use of the term drone has 
been criticized by industry representatives who favor the 
more neutral designation UAV. In their study, PytlikZillig 
et  al. (2018) compare the perception of the publicly used 
terms, drones or aerial robots, with the industry terms like 
UAVs. In their case, they were unable to identify a signifi-
cant effect of the terminology on public support for the tech-
nology. However, this might be different in the case of 
deepfakes and synthetic media.

Label studies and negative perception

The effects of euphemisms and dysphemisms demonstrate 
how language shapes public perception. This influence is 
also relevant for labeling generative AI, as the terminology 
can affect how credible or trustworthy content is perceived. 
However, studies on the labeling of technology have yet to 
make an explicit connection to the euphemism literature. 
Prior work focusing on labels for generative AI in journalism 
shows that content with labels such as ’AI-generated’ is per-
ceived as less accurate (Altay & Gilardi, 2024), less credible 
(Wittenberg et al., 2024), and less trustworthy (Toff & Simon, 
2023) than content labeled as written by human journalists. 
This is also the case when readers are presented with identi-
cal news articles, indicating a significant influence of label-
ing on audience perception (Graefe et al., 2018).

Epstein et  al.’s (2023) study on labeling AI-generated 
content is particularly relevant to our research, as they spe-
cifically focus on the perception of terms. They argue that 
labels could either focus on the process (e.g., AI-generated) 
or on whether the content is misleading (e.g., deepfake). 
Their study shows that participants associate both the labels 
“deepfake” and “synthetic” with misleading content to the 
same degree. However, content labeled “deepfake” leads to a 
more negative perception of the person sharing such content 
than content labeled ’synthetic.’ Furthermore, people per-
ceive content labeled as “synthetic” as more real than content 
labeled as “deepfake.” These results indicate that even minor 
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differences regarding the wording can have substantial 
effects on people’s perception of the content. Kleine (2022) 
arrives at a similar conclusion, demonstrating that the term 
deepfake is perceived as more negative than synthetic media. 
While these studies provide a good overview of the negative 
perception of different terms, they did not analyze how dif-
ferent terms for the same technology affect the general risk 
and benefit perceptions, an aspect that our study focuses on.

Overall, studies testing different terms as labels show that 
terms describing AI technology are perceived differently, a 
pattern also evident in the varying definitions of deepfakes 
used across the literature. However, such labels are not auto-
matically assigned, nor are they typically decided top-down 
by authorities like the industry. Instead, they emerge through 
public debates and compete for attention in the news media. 
Therefore, examining news coverage provides insights into 
the dominant terminology used for technology and whether 
the focus is on its risks or benefits.

Study I: content analysis deepfakes in 
Swiss media

Offline and online communication play a crucial role in the 
perception of technology. This includes conversations with 
friends or family, exchanges in larger groups via messaging 
apps, or public debates on social media platforms. However, 
the news media continues to play a critical role (Gosse & 
Burkell, 2020), especially when people have no or only lim-
ited experience with new and unfamiliar technology, as is the 
case with AI (Sartori & Bocca, 2023). The media can also 
influence the public’s perception of technology through topic 
selection, focusing on specific aspects of a subject, including 
the choice of voices and implicit or explicit evaluations. In the 
case of deepfakes, the connection to disinformation or fake 
news is strongly pronounced in news coverage, creating a pre-
dominantly negative framing (Gosse & Burkell, 2020; Wahl-
Jorgensen & Carlson, 2021; Yadlin-Segal & Oppenheim, 
2021), which makes negative perception effects likely.

Thus, we are interested in (research question 1) how and 
(research question 2) in what context deepfakes and syn-
thetic media are discussed in Swiss news media.

Method and data content analysis

We applied a manual quantitative content analysis to investi-
gate the coverage of deepfakes in 10 Swiss news media out-
lets from the German-speaking (20 Minuten, Aargauer 
Zeitung, Blick, Neue Zürcher Zeitung, SRF, Tages-Anzeiger) 
and French-speaking (20 Minutes, 24 Heures, Le Temps, 
RTS) regions of Switzerland covering the period from 13 
December 2017 to 31 December 2023 (see Table 1). The 
media sample consisted of the online news outlets with the 
highest reach in the two language regions (Udris et al., 2024). 
The selected outlets all cover a broad spectrum of news (e.g., 
politics, economy, science, sports, and celebrities) but have 
different journalistic focuses in their reporting (e.g., regional 
news and tabloid journalism). In total, 380 articles contain-
ing the term deepfake or synthetic media were identified. 
The news articles were accessed through the Swiss Media 
Database (SMD), which provides full texts of the analyzed 
outlets from January 2012 onwards. The starting point of the 
analysis was chosen as the publication date of the first article 
on the topic of deepfakes in the selected media, which we 
determined by searching the database without any temporal 
restrictions. Through our content analysis, we examined the 
thematic context in which deepfakes were covered (disinfor-
mation, criminality, pornography, entertainment, and unspec-
ified) and how deepfakes were evaluated in the articles 
(positive, negative, ambivalent, and neutral). The analysis 
was conducted by two trained coders. To test intercoder reli-
ability, the two coders coded 50 unique articles. Intercoder 
reliability was satisfactory, with Krippendorff’s alpha at .92 
for topic coding and .69 for evaluation coding.

Results content analysis

Our content analysis reveals that news coverage of deepfake 
technology in Switzerland almost exclusively uses the term 
deepfake, with only two out of 380 articles in our sample 
mentioning the term synthetic media. These two news arti-
cles used both terms, synthetic media and deepfake, indicat-
ing that the term synthetic media is nearly absent in public 
discussions about deepfake technology in Switzerland. In 
addition, 39.2% of the articles were published in 2023, while 

Table 1.  Overview of the Media Outlets Used for the Content Analysis.

Outlet Website Language Topical Focus

20 Minuten 20 min.ch German Tabloid journalism
Aargauer Zeitung aargauerzeitung.ch German Regional journalism
Blick blick.ch German Tabloid journalism
Neue Zürcher Zeitung nzz.ch German Quality journalism
SRF srf.ch/news German Public Service Media
Tages-Anzeiger tagesanzeiger.ch German Regional journalism
20 Minutes 20 min.ch French Tabloid journalism
24 Heures 24heures.ch French Regional journalism
Le Temps letemps.ch French Quality journalism
RTS rts.ch/news French Public Service Media
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the remaining 61.8% were distributed relatively evenly over 
the period from December 2017 to December 2022 (see 
Figure 1). This indicates that the concept of deepfakes 
received increased attention in the year of our survey 
experiment.

We then analyzed how deepfakes are evaluated in Swiss 
news coverage. Unsurprisingly, the focus is primarily on 
risks, with a predominantly negative view of the technology. 
More than half (59.7%) of the articles adopt a negative tone 
(see Table 2). In 20.0% of the articles, coverage is ambiva-
lent, presenting both positive and negative aspects in roughly 
equal measure. Deepfakes are depicted neutrally in 13.2% of 
articles, while only 7.2% portray them in a positive light.

The emphasis on risks in deepfake reporting becomes 
more evident in the topics covered. Disinformation is the 
central topic (38.4%), especially in relation to foreign con-
texts such as U.S. politics and the conflicts in Ukraine and 
Gaza. Reports on deepfakes in connection with crime account 
for 10.5% of coverage. Pornography, which was a primary 
focus in the early stages of deepfake development, consti-
tutes 8.9% of the articles. The context of entertainment com-
prises 17.4% of media reporting, while general or nonspecific 
articles make up exactly a quarter (25.0%) of the coverage.

In the final step, we combined the evaluation with the top-
ics. Deepfake technology is covered primarily positively in 
the context of entertainment (see Table 2): Among articles 
discussing deepfakes in relation to film, music, or gaming, 
34.8% adopt a positive tone. Ambivalent (31.6%) and neutral 
(27.3%) evaluations are also common, while negative assess-
ments are rare (6.1%). In contrast, negative assessments 
clearly dominate the coverage of deepfakes in the contexts of 
disinformation (86.8%), crime (85.0%), and pornography 
(97.1%)—an expected result given the inherently negative 
connotations of these topics. In nonspecific contexts, nega-
tive (31.6%), ambivalent (36.8%), and neutral (29.5%) 
assessments of deepfakes are more evenly distributed.

Study II: the effects of the terms 
“deepfake” and “synthetic media” on 
perceptions
Our content analysis reveals that news coverage predomi-
nantly focuses on risks, with the positive aspects of deepfake 
technology rarely being addressed. The analysis also reveals 
that the term synthetic media is not used in news coverage. 
Next, we examine how individuals assess the risks and bene-
fits of deepfake technology based on its labeling. While some 
studies have focused on the risk perception of deepfakes 
(Cochran & Napshin, 2021; Kleine, 2022), few have explored 
the perception of their benefits (Bendahan Bitton et al., 2024; 
Neyazi et al., 2024). Neyazi et al. (2024) measured positive 
attitudes toward deepfakes, but their one-dimensional scale 
primarily included negatively formulated items (e.g., deep-
fakes not a concern/issue), limiting the significance for spe-
cific benefits. Bendahan Bitton et  al. (2024) distinguish 
between opportunities and risks using separate scales with 
items that assess benefits for various industries. To comple-
ment the limited research on benefits, we can also consider 
studies on attitudes toward AI. These studies help to better 
understand how the perception of risk and benefits vary across 
different application areas. For example, Bao et al. (2022) dis-
tinguish between the individual level and the societal level 
(i.e., democracy) when assessing the perceptions of risks and 
benefits. Studies also investigate risk assessments related to 
specific applications, such as the use of AI for autonomous 
weapons (Zhang & Dafoe, 2019). This more specific approach 
has also been used in the case of nanotechnology (Binder 
et al., 2012; Cobb & Macoubrie, 2004). Binder et al. (2012) 
distinguish between the impact of nanotechnology on science 
and medicine, job markets, and national defense. In the case of 
deepfakes, we also propose adopting a more nuanced approach 
that considers the various areas of risk and benefits.

Benefits and risks are usually operationalized as separate 
indices (Bao et al., 2022) or combined into a composite index 
that captures an overall risk-benefit assessment (Said et al., 
2023). In the case of deepfakes, we argue that differentiating 
between risks and benefits and measuring them as separate 
dimensions is both conceptually and empirically more appro-
priate. An individual may, at the same time, perceive a tech-
nology as having very high benefits and very high risks. A 
composite index would fail to capture this dual perspective. 
Furthermore, a composite index would deliver the same 
result for individuals with high risk and high benefit percep-
tions as for individuals with both moderate risk and benefit 
perceptions. Thus, measuring risks and benefits separately 
provides a more nuanced analysis.

This conceptual direction is seconded by empirical 
research. Bao et al. (2022) demonstrate that the perception of 
risks and benefits associated with AI can be divided into two 
dimensions. Binder et al. (2012) recommend assessing risks 
and benefits separately rather than relying on a single global 
score when evaluating emerging technologies.

Figure 1.  Number of news articles on deepfakes and synthetic 
media in Swiss news media per Year (n = 380; first news article on 
deepfakes on December 13, 2017—December 31, 2023).
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As we have argued in the literature review, using the term 
deepfakes or synthetic media might influence the perception 
of the risks and benefits of the technology. As the content 
analysis already indicated, synthetic media is almost absent 
from the media discourse compared to the term deepfake, we 
expect the following:

Hypothesis 1 (H1). Respondents are more likely to pro-
vide an open-ended response when asked about the term 
“deepfake” compared to the term “synthetic media.”

Furthermore, as the term deepfake is often discussed in a 
negative context in the media, we expect people to be more 
likely to provide a negative description of the term deepfake 
in contrast to synthetic media.

Hypothesis 2 (H2). Respondents are more likely to pro-
vide a negative description when asked about the term 
“deepfake” compared to the term “synthetic media.”

Based on the literature on risks of AI and technology in 
general, we differentiate between risks for five different soci-
etal domains:

Hypothesis 3 (H3). The term “deepfake” is associated 
with higher risk perception regarding politics than the 
term “synthetic media.”

Hypothesis 4 (H4). The term “deepfake” is associated 
with higher risk perception regarding the news media 
than the term “synthetic media.”

Hypothesis 5 (H5). The term “deepfake” is associated 
with higher risk perception regarding the economy than 
the term “synthetic media.”

Hypothesis 6 (H6). The term “deepfake” is associated 
with higher risk perception regarding science than the 
term “synthetic media.”

Hypothesis 7 (H7). The term “deepfake” is associated 
with a higher risk perception at the individual level than 
the term “synthetic media.”

For the analysis of benefits, we investigate the same soci-
etal domains as for the analysis of risks but exclude politics. 
It was challenging to operationalize positive applications of 
politics for the survey, as respondents would require specific 
knowledge. While some specific use cases exist (Jungherr 
et al., 2025) and AI technology in general has the potential of 
a positive impact on democracy (Jungherr, 2023; Jungherr & 
Rauchfleisch, 2025; Wuttke et  al., 2025), the perceived 
threats specifically of deepfakes in politics (Hameleers et al., 
2024; Pawelec, 2022; Vaccari & Chadwick, 2020) clearly 
overshadow the potential benefits. Thus, we use the follow-
ing hypotheses for the perception of benefits:

Hypothesis 8 (H8). The term “deepfake” is associated 
with lower benefit perception regarding the news media 
than the term “synthetic media.”

Hypothesis 9 (H9). The term “deepfake” is associated 
with lower benefit perception regarding the economy than 
the term “synthetic media.”

Hypothesis 10 (H10). The term “deepfake” is associated 
with lower benefit perception regarding science than the 
term “synthetic media.”

Hypothesis 11 (H11). The term “deepfake” is associated 
with a lower perception of benefits at the individual level 
than the term “synthetic media.”

Methods experiment
To test our hypotheses, we use an online experiment. The 
study was approved by the Ethics Committee of the Faculty 
of Arts and Social Sciences of the University of Zurich (reg-
istration no. 23.03.20) and preregistered (https://aspredicted.
org/5m56-2z9c.pdf). Prior to the data collection, we con-
ducted a power analysis to determine the required sample 
size to identify small to medium effects. We conducted a 
power simulation (runs = 1000, mean difference = 0.35, 
SD = 1.3), which indicated small effects (Cohen’s d = 0.27) 
and a power of 0.91 for a group size of 300. The data were 
collected by accessing the Swiss online panel from Bilendi, 
which covers people aged 16 and above in Switzerland. We 
offered the questionnaire in French and German to cover 

Table 2.  Evaluation and Topical Context in Swiss News Media Coverage of Deepfakes and Synthetic Media (n = 380).

Negative Positive Ambivalent Neutral n χ2

Disinformation 86.90% 0.00% 11.70% 1.40% 145 48.65***
Nonspecific 31.60% 2.10% 36.80% 29.50% 95 48.46***
Entertainment 6.10% 34.80% 31.80% 27.30% 66 11.05*
Crime 85.00% 5.00% 5.00% 5.00% 40 19.76***
Pornography 97.10% 0.00% 2.90% 0.00% 34 117.93***
Total 59.70% 7.10% 20.00% 13.20% 380  

*p < .05, **p < .01, ***p < .001.

https://aspredicted.org/5m56-2z9c.pdf
https://aspredicted.org/5m56-2z9c.pdf
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different language regions in Switzerland. Bilendi handled 
the incentivization. Participants received standard market-
rate financial compensation. The data collection took place 
between May 26 and June 4, 2023. The final sample con-
sisted of 736 complete responses after removing 17 respon-
dents who failed an attention check, as we have defined in 
our preregistration.1 A total of 504 (68.48%) participants 
completed the German version, and 232 (31.52%) completed 
the French version of the questionnaire. The median age of 
participants was 43 (M = 43.66, SD = 14.47), 51.49% were 
female, and 29.48% had a university degree.

At the start of the survey, participants were randomly 
assigned to either the “synthetic media” (n = 358) or the 
“deepfake” (n = 378) condition. We checked that randomiza-
tion was successful by comparing the two groups based on 
age (Welch-t(729.81) = 1.72, p = .087), education (χ2(7, 
736) = 3.69, p = .815), and gender (χ2(1, 736) = 0.00, p = 1.00). 
One group received the complete questionnaire with the term 
deepfake, while the other group received the identical ques-
tionnaire with the term synthetic media.

After obtaining consent, we started with basic socio-
demographic questions. Participants were then prompted 
with an open-ended question (related to H1 and H2), asking 
what they associate with the term deepfake/synthetic media. 
To prevent immediate skipping of this question, respon-
dents had to type at least “I don’t know” if they did not 
want to give an answer. After that question, we provided a 
neutral definition for both conditions as follows: 
“[Deepfakes/Synthetic media] are realistic-looking media 
content such as photos, videos, or sound recordings that are 
created or modified using artificial intelligence (AI).” We 
opted for this definition as it is close to the definition that 
people would encounter on Wikipedia (German version) 
and because we did not want to include deception as an 
aspect. After answering all questions, participants received 
a debriefing.

For H1, we checked how many people responded to the 
open-ended questions (i.e., did not answer “I don’t know”). 
For H2, we classified the evaluation of deepfakes or syn-
thetic media in the answers as negative or not negative with 
ChatGPT (model gpt-4o-2024-08-06), as OpenAI’s LLMs 
have demonstrated strong performance in labeling tasks 
(Gilardi et al., 2023). We manually labeled a random sample 
of 30 out of 338 unique answers to validate our approach. 
The classifier performed well, achieving Krippendorff’s 
alpha of 0.86 (for more details about the classification proce-
dure, see Supplemental Appendix A.2).

A central block of questions involves the perception of 
opportunities and risks. To this end, we draw on research on 
risk and benefit perceptions of technology (Binder et  al., 
2012; Siegrist & Visschers, 2013) and AI (Bao et al., 2022; 
Zhang & Dafoe, 2019) and measured the risks and benefit 
perceptions across multiple domains. We ask about risks to 
politics (H3), the media (H4), the economy (H5), science 
(H6), and individual contexts like privacy (H7), as well as 
benefits for the media (H8), the economy (H9), science (H10), 
and individual contexts (H11). The only difference between 
risks and opportunities is that we did not measure benefits for 
politics. Most variables were measured with two or three 
items that were merged into a mean index. The items were 
measured using a 7-point scale with labeled anchor points 
(1—Do not agree at; 7—totally agree). All variables achieved 
good reliability (see Table 3 for details and Supplemental 
Appendix A.1 for the wording of all items).2 As preregistered, 
covariates for all analyses included sex (female = 1), age, edu-
cational attainment (university degree = 1), and language 
region (French = 1).3

Results

Our results show that for all areas, the risks are perceived as 
higher than the benefits (see Table 3). As preregistered, we 

Table 3.  Overview of Variables, Means, Standard Deviations, and Sample Characteristics.

Variable M (SD) n

H1: Answer to open-ended question 51.63% 736
H2: Negative answer to open-ended (Krippendorff’s alpha = 0.86) 22.01% 736
H3: Risk politics (3 items, α = .85) 5.06 (1.48) 736
H4: Risk media (2 items, α = .74, Spearman-Brown = 0.74) 5.88 (1.20) 736
H5: Risk economy (3 items, α = .77) 4.76 (1.33) 736
H6: Risk science (single item) 5.02 (1.60) 736
H7: Risk individual context (3 items, α = .69) 4.45 (1.42) 736
H8: Benefit media (2 items, α = .70, Spearman-Brown = 0.70) 3.82 (1.53) 736
H9: Benefit economy (3 items, α = .71) 3.84 (1.32) 736
H10: Benefit science (1 item) 3.46 (1.65) 736
H11: Benefit individual context (3 items, α = .75) 3.51 (1.47) 736
Female 51.49% 736
Age 43.67 (14.47) 736
University degree 29.48% 736
French region 31.52% 736
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used binary logistic regression for H1 and H2 and linear 
regression for the remaining hypotheses. We will report the 
specific estimates for our hypotheses. The complete models 
are all reported in Supplemental Appendix B.1.

For H1, we tested whether participants were more likely 
to provide an answer to the open-ended question when 
exposed to the term “deepfake” compared to “synthetic 
media.” Our data supports H1 as participants who were given 
the term “deepfake” gave an answer in 63% of cases, which 
is significantly higher than the answer rate (40%) for “syn-
thetic media” (odds ratio (OR) = 2.68, p < .001, 95% confi-
dence interval (CI) [1.98, 3.65]). This suggests that the term 
“deepfake” evokes more associations among the Swiss pop-
ulation than “synthetic media.” Our data also support H2, as 
the term “deepfake” triggered significantly more negative 
responses (38.1%) than “synthetic media” (5.0%) 
(OR = 12.31, p < .001, 95% CI [7.48, 21.42]).4

Figure 2 shows all estimates for the risk and benefit per-
ceptions. Regarding risk perception, the results for politics 
(b = 0.12, p = .252, 95% CI [−0.09, 0.33]), media (b = 0.06, 
p = .461, 95% CI [−0.11, 0.24]), economy (b = 0.00, p = .984, 
95% CI [−0.19, 0.19]), science (b = 0.08, p = .486, 95% CI 
[−0.15, 0.31]), and the individual level (b = 0.00, p = .976, 
95% CI [−0.21, 0.20]) are all not significant. Thus, there is 
no support for hypotheses that assume a stronger influence 
on risk perception (H3–H7) when using the term “deepfake” 
instead of “synthetic media.”

In contrast, the findings for benefit perceptions support 
several hypotheses (see Figure 2). First, H8 is supported as 

the term deepfake is associated with a significantly lower 
benefit perception for media (b = −0.43, p < .001, 95% CI 
[−0.65, −0.22]). The benefits for the economy (H9) are also 
perceived as significantly lower when the term deepfake is 
used (b = −0.32, p < .001, 95% CI [−0.51, −0.13]). 
Furthermore, the benefits for science (H10) are also per-
ceived as lower (b = −0.43, p < .001, 95% CI [−0.67, −0.20]). 
Finally, on the individual level (H11), the benefit perception 
is also lower for the term deepfake than for the term synthetic 
media (b = −0.22, p = .036, 95% CI [−0.43, −0.01]).

As an additional, non-preregistered analysis, we con-
ducted an equivalence test (Lakens et al., 2018) to determine 
whether the smallest effect size of interest (SESOI) can be 
rejected—namely, that effects of that magnitude are unlikely 
to be present. We defined the SESOI as Cohen’s d = ±0.2, a 
threshold commonly used for small effects, as we do not 
have prior studies. We used two one-sided tests (TOST) for 
all five risk perception variables with equivalence bounds set 
at ±0.2. Except for the domain of politics, all tests yielded 
significant results (see Supplemental Appendix C.1 for more 
details), suggesting that the effects for risk perceptions 
related to media, economy, science, and individual levels are 
not only non-significant but also negligible if we are inter-
ested in an effect size of at least Cohen’s d = ±0.2.

Discussion

In our study, we analyzed the news coverage of deepfakes 
and people’s perceptions of deepfake technology. First, we 

Figure 2.  Estimates with 95% CI. Transparent dots indicate overlap with 0, while black dots represent significant estimates. Estimates 
show the effect of “deepfake” versus “synthetic media.” The identified effects are consistent with our hypotheses.
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examined the topical contexts in which deepfakes are dis-
cussed in Swiss news media, their evaluation, and the use of 
the terms deepfake and synthetic media in this coverage. 
Second, we analyzed whether the choice to use the label 
deepfake or synthetic media affects the perception of the 
technology’s risks and benefits for different application 
fields in the Swiss population.

Our content analysis provides a clear picture. In the news, 
deepfakes are primarily discussed in a negative tone and in 
negative contexts, especially disinformation, crime, and por-
nography. This makes sense, as the term deepfake was ini-
tially coined on Reddit, where it was used to describe the 
swapping of celebrity faces into pornographic videos (de 
Ruiter, 2021). The topics identified in the content analysis 
also overlap with the issues discussed in the literature 
(Lundberg & Mozelius, 2024), most prominently disinfor-
mation related to politics (Hameleers et  al., 2022, 2024; 
Vaccari & Chadwick, 2020). The term synthetic media is 
almost non-existent in news coverage and has only recently 
gained currency in policy and academic discourse (Bateman, 
2020; McCammon, 2021).

The findings of the content analysis are reflected in our 
survey experiment. When asked what comes to mind upon 
hearing the term deepfake or synthetic media, respondents 
who received the questionnaire with deepfake were more 
likely to provide an answer than those who received synthetic 
media, indicating that deepfake is the more widely recog-
nized term. Participants also associated deepfakes with more 
negative aspects than synthetic media. Furthermore, the term 
synthetic media is associated with a more positive perception 
of the technology’s benefits than the term deepfake across dif-
ferent domains. However, as the equivalence tests indicate, 
the risk perception is consistent across most domains, regard-
less of which term is used to describe the technology.

This raises the question of which term should be used 
when describing the technology, for instance, in news cover-
age. Epstein et al. (2023) already provide a good overview of 
the general perception of labels for AI-generated content; 
however, they do not focus on risk and benefit perceptions. 
Our study extends their findings by showing that the term 
synthetic media can be used to increase the perception of 
benefits of deepfake technology without lowering the per-
ception of risks. This approach would align with the indus-
try’s preference for using more neutral terms for technologies 
that might otherwise be viewed negatively (Altuncu et  al., 
2022; PytlikZillig et al., 2018). However, while the potential 
effect of lowering risk perceptions is small, synthetic media 
could be used as a euphemism and, if used intentionally to 
mislead the public about the risks of technology, become 
doublespeak (Lutz, 1987).

We suggest avoiding the use of synthetic media as a poten-
tial euphemism or deepfake as a potential dysphemism. 
Instead, the context in which the technology is discussed and 
the specific application field matter. For example, if the tech-
nology is discussed in a domain such as politics in relation to 

disinformation (Hameleers et  al., 2022, 2024; Vaccari & 
Chadwick, 2020), crime (Lundberg & Mozelius, 2024), or 
pornography (de Ruiter, 2021), it makes sense to use the term 
deepfake. However, if the technology’s application in a 
domain such as science, entertainment, or the economy is not 
inherently harmful, it would be better to use the term synthetic 
media, as the term deepfake may lower the perceptions of ben-
efits. We also suggest relating the two terms as nested catego-
ries rather than mutually excluding alternatives: deepfake can 
be acknowledged as an emergent, vernacular category for 
AI-generated content intended to deceive for malicious or 
playful purposes, while synthetic media can be adopted as a 
more general technical category which includes deepfakes 
alongside many other kinds of AI-generated content. The use 
of the term deepfake to describe other forms of synthetic 
media (e.g., text-to-speech, multimodal image generation) 
risks diluting the critical valence of the term. At the same time, 
using synthetic media as a catch-all for malicious deepfake 
examples risks downplaying the specific harms associated 
with such cases and obscuring the broader range of content 
created through automated means.

This general idea requires further refinement to account 
for specific application contexts, such as the political uses 
of the technology. While the use of the term deepfake in 
relation to disinformation seems reasonable, it might be 
misleading to describe the use of the technology for pro-
ducing campaigning material without the intent to spread 
false information (Jungherr et al., 2025) or to assist politi-
cians with disabilities. For instance, a Swiss National 
Councilor with a speech disorder used text-to-speech and 
video synthesis systems to create an avatar through which 
he communicated to his audience during the election cam-
paign (Blick, 2023). In the material for our content analy-
sis, several articles discussed the use of deepfake technology 
to produce movies with beneficial effects, including 
reduced costs and lower carbon emissions. In such cases, 
the term synthetic media may be a more suitable alternative 
to deepfake.

The results of our experiment suggest that using the terms 
deepfake and synthetic media more distinctly may have an 
advantage. However, from a practical standpoint, whether 
this approach is feasible remains uncertain. It is unlikely that 
people or influential actors, such as journalists and politi-
cians, can be forced to adopt the new terminology. As our 
content analysis reveals, attempting to change the terminol-
ogy would challenge an already established and increasingly 
prominent framing (i.e., the term deepfake). Furthermore, 
dysphemisms like deepfake might be used strategically, for 
instance by politicians pushing for stricter regulations on AI 
technology, since alarmist discourse can boost public support 
for such measures (Jungherr & Rauchfleisch, 2024). 
Consequently, not all actors have an incentive to adopt more 
nuanced terminology.

Our study has several limitations that could be 
addressed in future research. First, we aimed to isolate the 
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effect of term use alone, without manipulating the domain 
in which the technology is applied. Future research could 
further explore this aspect. Second, similar to studies 
focusing on euphemisms (Walker et  al., 2021), future 
studies could investigate whether specific terms and their 
use in a particular context are perceived as more or less 
misleading. Furthermore, other terms (e.g., AI content or 
AI-generated images) could be tested as alternative euphe-
misms. Third, we focused solely on risk and benefit per-
ceptions as outcomes, without measuring attitudes toward 
regulation (Godulla et  al., 2021). This could be further 
investigated, but as our study shows, using different terms 
primarily affects benefit perception, which might be less 
relevant than risk perceptions in relation to regulatory 
support. Finally, we only focused on the Swiss context. 
Because our survey was conducted in Switzerland, our 
content analysis was restricted to domestic media to assess 
how people encountered the two terms. While cultural dif-
ferences may exist, Epstein et al. (2023) show that many 
AI-related labels are perceived similarly across cultures in 
this context. Furthermore, what we have observed in the 
Swiss case may also apply to other countries where media 
coverage emphasizes the negative aspects of deepfakes. 
Therefore, we are confident that our findings have a 
degree of generalizability. Still, future research could 
focus on a comparative design that compares the use of 
the different terms in media coverage across different 
countries, thereby further testing the cross-cultural gener-
alizability of our findings.
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Notes

1.	 Our sample size is larger than the preregistered sample size of 
660. This was an accidental deviation from our preregistration. 
We explain the details in Supplemental Appendix B.2, where 
we estimate all models using a sample of only 660. The results 
are the same as those of our larger sample size.

2.	 The only deviation from the preregistration here is that we 
keep risk at the individual level with an α of only .69 instead 
of splitting it up. The results for individual items are the same 
as for the index; they are not significant.

3.	 The code and data to replicate all analyses are available at 
https://osf.io/mgf6b/files/osfstorage

4.	 We get the same results (OR = 11.63) if we only consider 
responses and omit non-responses instead of adding them as 
non-negative answers.
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